
Engineering, Technology & Applied Science Research Vol. 14, No. 4, 2024, 16040-16048 16040  
 

www.etasr.com Gio et al.: INDCOMP: A Shiny App for Open Data Repository of the Performance of an Indonesian … 

 

INDCOMP: A Shiny App for Open Data 

Repository of the Performance of an Indonesian 

Company Listed at the Indonesia Stock 

Exchange 
 

Prana Ugiana Gio 

Department of Mathematics, Universitas Sumatera Utara, Indonesia 

prana@usu.ac.id (corresponding author) 

 

Herman Mawengkang 

Department of Mathematics, Universitas Sumatera Utara, Indonesia 

hmawengkang@yahoo.co.id 

 

Muhammad Zarlis 

Computer Science Department, Bina Nusantara University, Indonesia 

muhammad.zarlis@binus.edu 

 

Saib Suwilo 

Department of Mathematics, Universitas Sumatera Utara, Indonesia 

saib@usu.ac.id 

Received: 13 June 2024 | Revised: 3 July 2024 | Accepted: 5 July 2024 

Licensed under a CC-BY 4.0 license | Copyright (c) by the authors | DOI: https://doi.org/10.48084/etasr.8131 

ABSTRACT 

Investors, practitioners, and stock researchers highly need data related to financial performance to predict 

a company's financial health condition, which is used as a basis to consider investing in it. The Indonesia 

Stock Exchange (IDX) website provides reports on the company's financial performance. Unfortunately, 

the company’s financial data found on the IDX website are in PDF format, and researchers must download 

them one by one, which takes a long time. This study presents a website-based application, named 

Indonesia Company Performance (INDCOMP), built using the R programming language and involving 

various R packages and frameworks to assist investors, practitioners, and stock researchers in studying the 

financial performance of companies. This application can help users quickly access the financial 

performance data of various companies, present financial performance data in data tables, and perform 

data visualizations as well as statistical analyses. 

Keywords-financial; R shiny; INDCOMP; computational; statistics 

I. INTRODUCTION  

The number of investors in Indonesia at the end of the 
second semester of 2022 increased by 37.68% year-on-year 
(yoy) to 10,311,152 [1]. Meanwhile, the value of share 
ownership at the same time increased by 18.77% to Rp. 
5,921.60 trillion. Local ownership increased by Rp. 522.53 
trillion (19.36%) yoy. Foreign ownership increased by Rp. 
413.34 trillion (18.08%) yoy. Based on investor type, in the 
second semester of 2022, local and foreign share ownership 
was dominated by corporate investors amounting to Rp. 
1,503.77 trillion (46.67%) and Rp. 689.58 trillion (25.55%) 
yoy [2]. Information on the financial performance of a 

company is very important for investors to decide to invest in it 
[3]. By analyzing the company's financial performance, 
investors can determine its financial health [4]. The Indonesia 
Stock Exchange (IDX) website hosts financial performance 
reports of listed companies. In addition to sector-based 
classification, a company can be categorized by board level, 
namely main, development, acceleration, special monitoring, 
and new economy. Researchers who need financial 
performance data from various companies should download 
them one at a time from the IDX website, then open them, and 
finally import them into an Excel spreadsheet. This process 
takes a long time if the number of companies being studied is 
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large, and importing financial data into Excel is also a time-
consuming task [5]. 

In [6,7] financial data from Nikkei NEEDS were analyzed 
using a database system, including records of 1,500 companies 
listed in the first sector of the Tokyo Stock Market. This 
approach deployed a double-log model with a normal error 
distribution, which is an exploratory data analysis method. Data 
visualization informed the selection of total assets and the 
number of employees as explanatory factors to describe the 
relationship between sales data and other variables. This study 
also utilized massive amounts of financial data from companies 
around the world. The findings pointed to a skew-t error 
distribution in a double-log model as the best fit. The model 
took into account the companies' overall sales volume in 
relation to their staff count and asset value. Some double-log 
models with skew-symmetric distributions were evaluated 
following a cross-validation approach, and the findings were 
derived by comparing their Akaike Information Criterion [8, 9]. 

Shiny is an R package that can be used to build interactive 
web-based applications [10] and has been employed by many 
applications. ShinyItemAnalysis provides various psychometric 
methods, sample data, model equations, parameter estimation, 
and interpretation of results [11]. EpiExploreR can be utilized 
to analyze spatiotemporal data on animal diseases [12]. SAFA-
HsG can be implemented for nucleotide frequency analysis 
[13]. In [14], a Shiny application was presented to analyze and 
visualize the thesis and dissertation data from the Brazilian 
Digital Library. In [15], CIPR was based on Shiny to assess 
gene expression profiles from unknown cell clusters against 
mouse or human data or data provided by users. In [16], a 
Shiny application, called MEPHAS, was presented to perform 
statistical data analysis and predictions for clinicians and 
pharmacy researchers. In [17], a Shiny application was 
introduced for learning modules related to the prediction of 
ecological data. In [18], a Shiny application was proposed to 
calculate the number of samples in the case of a longitudinal 
study. In [19], a Shiny application, called VisProDom, was 
presented to help users visualize protein domains and transcript 
structures simultaneously using either built-in or uploaded 
genome data. 

Due to the limitations of the IDX website, namely the 
inefficiency in the financial performance data collection 
process, and the lack of a public repository, this study aims to 
build a web-based application named INDCOMP (The 
Indonesia Company Performance). This application aims to 
provide various financial performance data for companies, such 
as Return On Assets (ROA), Return On Equity (ROE), Net 
Profit Margin (NPM), Debt-to-Asset Ratio (DAR), and Debt-
to-Equity Ratio (DER). Investors and researchers can deploy 
these data to analyze the health of a company's financial 
performance or investment. INDCOMP users can also perform 
several statistical analyses directly utilizing the provided data. 

II. INDCOMP R PACKAGE 

The R programming language and some of its packages 
were put into service to build INDCOMP in the RStudio 
environment. The R programming language is both free and 
open-source. Linear and nonlinear models, time series analysis, 

clustering, visualization, classification, and classical statistical 
tests are only a few of the many statistical methods it offers 
[20, 21]. Table I shows the R packages employed in the 
development of INDCOMP. 

TABLE I.  R-PACKAGES FOR INDCOMP 

Features R package Description 

Web-based 

application 

shiny Web application framework for R [10]. 

shinyAce 
Ace editor bindings to enable a rich text 

editing environment within Shiny [22]. 

ggthemes 
Extra themes, scales, and geometries for 

ggplot2 [23]. 

Data 

manipulation 

plyr 
Tools for splitting, applying, and combining 

data [24]. 

dplyr 

A fast, consistent tool for working with data 

frames both in memory and out of memory 

[24]. 

Spreadsheet 

DT 

Data objects in R can be rendered as HTML 

tables using the DataTables JavaScript library 

(typically via R markdown or Shiny) [25]. 

rhandsontable 

An R interface to the handsontable JavaScript 

library, which is a minimalist Excel-like data 

grid editor [26]. 

Visualization 

ggplot2 
Create elegant data visualizations using the 

grammar of graphics [27]. 

plotly 
Create interactive web graphics via plotly.js 

[28]. 

corrplot Visualization of a correlation matrix. 

Ggally 

Some functions include a pairwise plot matrix, 

a two-group pairwise plot matrix, a parallel 

coordinates plot, a survival plot, and several 

functions to plot networks. 

Statistical 

analysis 
GLDEX 

Fitting single and mixture of generalized 

lambda distributions [29]. 

Print output openxlsx Read, write, and edit xlsx files [30]. 

 
The development of INDCOMP was based on six primary 

components. Interactive and visually appealing user interfaces 
can be built implementing packages, such as Shiny, ShinyAce, 
and ggthemes, which are part of the web-based application's 
architecture. The plyr and dplyr packages are used for data 
organizing and manipulation, offering powerful methods to 
effectively transform and summarize data. The DT and 
rhandsontable packages support INDCOMP's spreadsheet 
functions, enabling dynamic and editable table presentations. 
INDCOMP relies on ggplot2, plotly, corrplot, and Ggally to 
facilitate visualization. Data analysis is made more thorough 
and informative with the help of these tools, which allow the 
construction of various static and interactive displays. The 
GLDEX package is utilized for data modeling, which employs 
the Generalized Lambda Distribution (GLD) technique to 
provide accurate and flexible data modeling. The openxlsx 
package is employed to export the results to Excel files, 
making the data and findings easier to share and access. 

III. GENERALIZED LAMBDA DISTRIBUTION 

Aligning a probability distribution with empirical data is a 
crucial component of every data analysis system [31]. An 
important obstacle in statistical data analysis is determining a 
statistical probability distribution that matches the actual data 
accurately [32]. Karl Pearson initiated fundamental research on 
the process of adjusting statistical distributions to data [33]. 
The field of fitting statistical distributions to data has 
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undergone significant evolution, with applications extending to 
numerous disciplines, method developments, and 
improvements in computer approaches. Statistical modeling is 
widely used in various sectors, including science, technology, 
medicine, engineering, and other areas of human knowledge 
[34-46]. The primary and widely deployed model is the 
probability distribution, which establishes a connection 
between the values of essential variables and the probability of 
their occurrence. A continuous probability distribution refers to 
the probability distribution of an observed variable that can 
assume any value within a certain interval [33, 47]. 

GLD is well-known for its exceptional flexibility, as it can 
accurately represent distributions with different shapes [48, 
49]. Due to recent progress, GLD has become widely 
applicable in almost all cases [34] and has been effectively 
utilized in several fields, such as construction, atmospheric data 
analysis, quality control, and medicine [49]. GLD is a flexible 
probability distribution that can approach various probability 
distributions, such as normal, Student's t, Weibull distribution, 
and many others [50]. Authors in [51] introduced GLD with 
four parameters, which is defined using the quantile function as 
follows [33, 51]: 

���� = ���; ��, �
, ��, ��� = �� + �����������
��   (1) 

Note that the � values are in the interval 0 ≤ � ≤ 1. The 
parameters ��  and �
  represent the location and scale 
parameters, respectively, while ��  and ��  represent the 
skewness and kurtosis of ������, �
, ��, ���. GLD has been 
successfully used in various disciplines. GLD has also been 
employed to explain the distribution of income in a population 
[52], financial data [48, 49], and stocks [53]. The following is a 
method of moments approach for GLD. Consider data ��, �
, … , �� and the �th

 moment  ! defined as [54]:  

 "� = ∑ $%&%'(
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 "
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��)*���      (2) 
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where J�∗� denotes the J function. Note that both arguments 

must be positive values, which means that min���, ��� > − �
6 if 

the distribution has finite Bth
 moments. The Bth

 center moment 
(except for the first moment) from ���� is denoted by P6 and 
given as: 

P� = �
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In theory,  � and  � are given by: 

 � = U���U(U�V
U(�

�U��U(���
,  

 � = U���U(U�VWU(�U���U(�
�U��U(��    (5) 

��  and ��  can be found by minimizing (6), where  "�  and  "� 
are sample values using sample moments. 

X� "� −  ��
 + � "� −  ��
   (6) 

This equation is used in the optimization process to 
determine the initial values in such a way that the expression is 
minimized, thereby obtaining the optimal values for ��  and �� 
Once ��  and  ��  are determined, ��  and  �
  can be calculated 
utlizing: 

�
 = YU��U(�
)*� ,  

�� =  "� + �
��  = �

��V� − �
��V�?   (7) 

IV. DATASET 

The Indonesian company financial performance dataset 

presents data from various company financial performance 

variables. The data source comes from annual reports that can 

be accessed publicly and freely on the IDX website. Data for 

451 companies were collected from 2020 to 2022 and 

classified by sector and board level. There are 11 

classifications of company sectors, namely healthcare, basic 

materials, financials, transportation and logistics, technology, 

consumer non-cyclical, industrials, energy, consumer cyclical, 

and infrastructures, with two board levels, namely main and 

development. Table II presents the variables, data types, and 

data sources in the dataset. The dataset contains 24 variables, 

with data sources coming from the annual financial report. The 

annual financial report data for each company can be 

downloaded for free on the IDX website in PDF format. The 

data were then extracted into an Excel spreadsheet. Table III 

provides a description and calculation formula for each 

financial performance variable. 
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TABLE II.  DATASET 

Section Variables Data type Data source 

Income 

statement 

Total Revenue Ratio Annual Report 

Net Income Common 

Stockholders 
Ratio Annual Report 

Basic EPS Ratio Annual Report 

Basic Average Shares Ratio Annual Report 

Balance 

sheet 

Total Assets Ratio Annual Report 

Total Liabilities Net Minority 

Interest 
Ratio Annual Report 

Total Equity Gross Minority 

Interest 
Ratio Annual Report 

Share Issued Ratio Annual Report 

Common Stock Equity Ratio Annual Report 

Net Tangible Assets Ratio Annual Report 

Tangible Book Value Ratio Annual Report 

Cash flow 

Cash Flows from Used in 

Operating Activities Direct 
Ratio Annual Report 

Investing Cash Flow Ratio Annual Report 

Financing Cash Flow Ratio Annual Report 

Capital Expenditure Ratio Annual Report 

Free Cash Flow Ratio Annual Report 

Financial 

performance 

ratios 

Return on Assets (ROA) Percentage (%) Annual Report 

Return on Equity (ROE) Percentage (%) Annual Report 

Net Profit Margin (NPM) Percentage (%) Annual Report 

Debt to Asset Ratio (DAR) Percentage (%) Annual Report 

Debt to Equity Ratio (DER) Percentage (%) Annual Report 

Stock Price Ratio Annual Report 

Adjusted Stock Price Ratio Annual Report 

Volume Ratio Annual Report 

TABLE III.  DESCRIPTION AND FORMULA FOR EACH 
FINANCIAL PERFORMANCE RATIO VARIABLE 

Index Description Formula 

ROA 

It is one of the most basic metrics in measuring 

business success [55]. ROA measures a company's 

ability to generate profits using the assets it owns 

[56-58]. A higher ROA indicates that a company is 
better at utilizing its assets to achieve profits. ROA 

can be used to decide which company is the best to 

invest in by comparing the ROA of similar 

companies. 

Net Income 

Common 

Stockholders / 

Total Assets × 

100 

ROE 

Many investors consider ROE for investing in 

shares [56]. ROE measures a company's ability to 

generate profits using funds invested by 

shareholders. ROE can also be used to compare 

which company is better in terms of generating 

profits. If ROE increases, share prices also tend to 

increase, and vice versa [57, 59]. 

Net Income 

Common 

Stockholders / 

Total Equity 

Gross Minority 

Interest * 100 

NPM 

NPM is the first candidate to measure overall 

profitability [57]. Net profit, net margin, or net 

profit of a company is the most comprehensive 

measure of profitability. Net income explains how 

much money a company keeps after paying all its 

costs and expenses. Companies can also lose 

money, and in this case, it is called net loss [56]. 

Net Income 

Common 

Stockholders / 

Total Revenue 

* 100 

DAR 

DAR is the ratio between the company's debt and 

the assets owned by the company. DAR measures 

the ability of a company's assets to cover its debts 

[58]. 

Total Liabilities 

Net Minority 

Interest / Total 

Assets * 100 

DER 

DER is one of the most basic measures of a 

company's debt burden, explaining how a 

company's debt compares to the amount of money it 

earns from stock investors. The higher the DER, the 

greater the debt burden compared to shares [56]. 

Total Liabilities 

Net Minority 

Interest / Total 

Equity Gross 

Minority 

Interest * 100 

 
 

V. RESULTS 

Figure 1 illustrates the dataset within the INDCOMP 
program. The dataset comprises financial performance data 
from companies listed on the IDX, classified into 11 sectors: 
consumer cyclical, basic materials, healthcare, financials, 
transportation & logistics, technology, industrials, consumer 
non-cyclical, infrastructures, and energy. In addition, there are 
two levels of boards: main and development. INDCOMP 
presents a collection of 24 financial indicators, such as Total 
Revenue, Net Income Common Stockholders, Basic EPS, 
Basic Average Shares, Total Assets, Total Liabilities, Net 
Minority Interest, Total Equity Gross Minority Interest, Share 
Issued, Common Stock Equity, Net Tangible Assets, Tangible 
Book Value, Cash Flows from Used in Operating Activities 
Direct, Investing Cash Flow, Financing Cash Flow, Capital 
Expenditure, Free Cash Flow, Return on Assets (ROA), Return 
on Equity (ROE), Net Profit Margin (NPM), Debt to Asset 
Ratio (DAR), Debt to Equity Ratio (DER), Stock Price, 
Adjusted Stock Price, and Volume. INDCOMP users can apply 
filters or make selections based on sector, year, and board level 
to perform an analysis. 

The filtering functionality enables users to customize the 
dataset according to their specific requirements and areas of 
interest, making it a potent instrument for performing in-depth 
financial analysis. The INDCOMP dataset uses red to represent 
negative values and green to represent positive values. Color 
coding facilitates the rapid identification and comprehension of 
crucial financial indicators, thus improving the usability and 
legibility of the data. The abbreviation NA denotes that the 
value is unavailable or not provided. It is crucial for users to 
comprehend the dataset and to make well-informed judgments 
based on the accessible data. Figure 2 portrays the functionality 
that allows the visualization of the correlation matrix between 
the financial performance characteristics of companies. 
Comprehending the connections among these variables is vital 
for investors, analysts, and decision-makers to assess the 
overall well-being and effectiveness of companies. INDCOMP 
provides users with the option to use Pearson or Spearman 
correlation methods, based on the characteristics of the data 
and the goals of their study. This option enables improved 
flexibility and precision in capturing the fundamental patterns 
and interconnections within the financial dataset. Moreover, 
INDCOMP streamlines the process of choosing variables for 
correlation calculations. Users can easily select from a wide 
range of financial factors in the dataset, making the analysis 
process more efficient and quick. In addition, the platform 
provides a variety of customization options, including the 
ability to modify font size and the number of decimal places 
displayed in the correlation matrix. These customization 
capabilities allow users to personalize the visualization 
according to their tastes and analytical needs, guaranteeing a 
smooth and effective analysis experience. 

INDCOMP helps to understand the intricate connections 
among financial factors by offering flexibility and user-friendly 
features. Users can analyze the relationships between various 
indicators, detect possible patterns or trends, and acquire useful 
insights into the factors that influence financial performance. 
Users can use these advanced analytical capabilities to make 
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well-informed judgments, develop strategic plans, and optimize 
investment strategies with certainty. The correlation matrix 
feature in INDCOMP is a potent tool for performing thorough 
financial research and revealing useful insights into the 

interrelatedness of financial variables. INDCOMP enables 
users to make informed decisions and navigate the ever-
changing financial markets by providing tools for risk 
assessment, investment evaluation, and performance analysis. 

 

 

Fig. 1.  Dataset. 

 

Fig. 2.  Correlation matrix features. 

Figure 2 demonstrates that the Pearson correlation 
coefficient between the Net Interest Margin (NIM) and ROA is 
0.73, demonstrating a robust positive link between them. This 
indicates that as NIM increases, there is a strong probability 

that ROA will also increase and vice versa. The positive 
correlation exhibits a symbiotic connection between the 
effectiveness of asset management and the net profit margin of 
a corporation. On the contrary, the Pearson correlation 
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coefficient between DER and ROE is -0.92, manifesting a 
highly robust negative connection between them. As the DER 
grows, indicating a higher level of debt relative to equity, the 
ROE tends to drop and vice versa. The negative correlation 
reveals a reciprocal connection between a company's financial 
structure and the return on investment for shareholders. 

In the correlation matrix, boxes with values closer to -1 or 1 
are tinted darker, while boxes with values closer to 0 are 
shaded lighter. This color-coding method enables users to 
quickly discern the magnitude and direction of correlations 
between different pairs of variables. As a result, users can 
easily identify important trends in the data and make well-
informed judgments in their financial analysis. Moreover, the 
correlation matrix functionality allows users to simultaneously 
examine correlations between several financial performance 
parameters. By comprehensively displaying these links, users 
can acquire more profound insights into the interconnections 
among many facets of a company's financial performance. 
With a comprehensive understanding, users can identify 
possible areas for improvement, evaluate risks with greater 
efficiency, and develop plans to maximize overall financial 
results. The correlation matrix is useful for investors, analysts, 
and decision-makers, as it enables them to make data-driven 
decisions and navigate the complexity of financial markets with 
greater confidence and knowledge. 

Figure 3 depicts a visualization of the scatterplot along with 
the data distribution. For example, the scatterplot between 
ROA and NIM has a positive direction and is known to have a 
correlation value of 0.726. The ROA distribution tends to be 
symmetrical, whereas the NIM distribution tends to be skewed 
to the right. The scatterplot between ROE and DER has a 
negative direction and is known to have a correlation value of  
-0.925.  

 

 

Fig. 3.  Scatterplot and data distribution. 

Figures 4 and 5 illustrate the application of GLD in 
matching the ROA and ROE data distribution. In addition to 
GLD, normal, Weibull, lognormal, and gamma distribution 
approaches are used in data fitting. The distribution of ROA 
and ROE tends to be skewed to the right. 

(a) 

 

(b) 

 

Fig. 4.  Fitting ROE toward GLD (a) and All distribution (b). 

Table III portrays the results of the significance tests for 
fitting the distribution models to the data. The models 
implemented include the normal, Weibull, lognormal, and 
gamma distributions along with the GLD. Figure 4(a) shows 
the application of GLD to ROE, with the histogram 
demonstrating a right-skewed data distribution. Figure 4(b) 
displays the utilization of the normal, Weibull, lognormal, 
gamma, and GLD models to fit the data. The findings of the 
significance test indicate that only the GLD model fits the data 
well, as evidenced by a p-value greater than 0.05. ROA and 
ROE data were utilized for the simulation of model fitting. 
Figure 5(a) discloses the application of GLD to ROA, with the 
histogram exhibiting a noticeable right skew in the data 
distribution. Figure 5(b) presents the use of the normal, 
Weibull, lognormal, Gamma, and GLD models to accurately 
match the data. 

The findings in Table III provide useful insights into the 
efficacy of different distribution models in accurately fitting the 
ROA and ROE data. The GLD model is a suitable choice for 
calculating ROA, as it demonstrates a favorable match with a 
p-value of 0.227. This suggests that the GLD model effectively 
represents the range of variability in ROA for various 
observations. In contrast, the normal distribution model, which 
has a considerably smaller p-value, indicates that it is not 
suitable for accurately reflecting the ROA data. This 
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emphasizes the drawbacks of assuming a normal distribution 
for this metric. However, alternative distribution models, such 
as Weibull, Lognormal, and Gamma have favorable fits, 
indicating their potential utility in simulating ROA. Regarding 
ROE, the GLD model demonstrates its effectiveness once 
again, as observed by a substantial p-value of 0.824, showing 
strong alignment with the data. This supports the idea that the 
GLD model effectively depicts the distribution of ROE, 
precisely capturing its variability across several observations. 

 

(a) 

 

(b) 

 

Fig. 5.  Fitting ROA toward GLD (a) and All Distribution (a). 

TABLE IV.  COMPARISON OF GOODNES OF FIT RESULTS 

Variable Distribution p-values Conclusion 

ROA 

GLD p = 0.227 p > 0.05 (Fit) 

Normal p = 6.0228e-11 p < 0.05 (Not Fit) 

Weibull p = 0.5598 p > 0.05 (Fit) 

Lognormal p = 0.4665 p > 0.05 (Fit) 

Gamma p = 0.2796 p > 0.05 (Fit) 

ROE 

GLD p = 0.824 p > 0.05 (Fit) 

Normal p = 1.7508e-12 p < 0.05 (Not Fit) 

Weibull p = 0.0334 p < 0.05 (Not Fit) 

Lognormal p = 0.0339 p < 0.05 (Not Fit) 

Gamma p = 0.0149 p < 0.05 (Not Fit) 

 
The findings of the significance test reveal that the Weibull, 

lognormal, gamma, and GLD models effectively fit the ROE 
data since all p-values are greater than 0.05. However, the 

conventional model is not a good fit, as indicated by a p-value 
less than 0.05. According to the findings, the GLD model is 
preferable to accurately fit both ROE and ROA data, as it 
exhibits a stronger match compared to alternative distribution 
models. The asymmetrical structure of the data distributions 
implies that conventional distribution models may not 
adequately capture the inherent patterns in the financial 
performance measurements. Therefore, the GLD model 
provides a more precise representation of the data and 
improves the effectiveness of financial analysis and modeling 
efforts.  

The GLD model's supremacy implies that it is well-suited 
for capturing the underlying intricacies in the distributions of 
these variables. However, the inconsistency of various 
distributions underscores the importance of meticulous 
deliberation and verification when selecting a model for 
financial modeling and decision-making objectives. These 
observations can provide valuable information for strategic 
planning, risk assessment, and investment decisions, improving 
the efficiency of financial analysis in many situations. 

VI. CONCLUSION 

INDCOMP is an innovative online tool created to provide 
extensive financial performance information on companies 
listed on the Indonesia Stock Exchange (IDX). INDCOMP 
seeks to provide a wide range of data and analytical tools to 
assist investors, practitioners, and researchers in assessing and 
quantifying the health of these enterprises. This platform is 
notable for its practicality, versatility, and advanced 
capabilities, many of which are not accessible on the IDX 
website. An important benefit of INDCOMP is its intuitive 
interface, which enables users to easily retrieve and personalize 
financial performance statistics. Users can apply filters to the 
data, allowing them to narrow the information based on 
particular sectors, years, and individual companies. By offering 
a high degree of personalization, customers can acquire precise 
data without having to search for extraneous information. 
INDCOMP offers customizable data analysis tools that cater to 
the needs of investors seeking insight into the financial stability 
of a given sector. Furthermore, INDCOMP surpasses simple 
data presentation by integrating diverse visualization methods. 

These technologies facilitate the creation of charts, graphs, 
and other visual aids, enhancing the ease and intuitiveness of 
data interpretation. For example, users can visually represent 
patterns in revenue, profit margins, or debt levels as they 
change over time. These visualizations are essential for 
identifying patterns, making well-informed decisions, and 
presenting the data clearly and understandably. This feature 
greatly improves the user experience by making complex 
financial data easily accessible and comprehensible to users 
with different degrees of knowledge. INDCOMP provides 
comprehensive statistical analysis capabilities in addition to 
data display. Within the platform, users can perform a variety 
of statistical tests and analyses. This capability is very 
beneficial for academics and analysts who need to perform a 
thorough data analysis. INDCOMP offers superior statistical 
features compared to the IDX website, allowing users to 
perform comprehensive studies without the need for additional 
software. As an illustration, users can calculate financial ratios 
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and perform regression analysis or hypothesis testing, all 
within the same platform. One notable characteristic of 
INDCOMP is its ability to replicate different probability 
distributions for financial performance data.  

Of all the options, GLD has demonstrated the greatest 
precision in fitting the data. When compared with normal, 
lognormal, Weibull, and gamma distributions in simulations, 
GLD consistently demonstrated the most accurate match for 
the financial performance data of companies listed on IDX. 
Precision in data fitting is essential to generate reliable 
projections and well-informed investment choices. INDCOMP 
is an indispensable tool for investors to make well-informed 
decisions. Through the examination of past financial data and 
the representation of patterns, investors can detect possible 
investment prospects and assess the risks associated with 
various companies. With the ability to perform statistical 
studies, investors can review the financial stability and 
performance of organizations with more precision. The use of 
an all-encompassing method for data analysis has the potential 
to result in more astute investment choices, enhancing 
investment results. 
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