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ABSTRACT 

A smart battery electric vehicle control framework is proposed in this paper. The specific controller 

empowers ceaseless observation and management of the battery's state with the scope of extending the 

vehicle's driving range under varying temperature and driving pattern conditions. The proposed method 

utilizes an incorporated scheme for dealing with a crossover energy stockpiling framework to expand a 

battery's lifespan while further ensuring its smooth activity. 

Keywords-electric vehicle; battery; energy storage system; hybrid electric vehicle controller; automation

I. INTRODUCTION  

The exhaust emissions of gasoline-powered automobiles 
are primary contributors to air pollution. It is vital to convert 
cars that run on fossil fuels into vehicles that run on green 
energy to accomplish the low-carbon objectives of green cities. 
Electric Vehicles (EVs) do not produce emissions or pollutants, 
so they play a significant part in this transition [1]. On the other 
hand, the marketing of electric cars is greatly hindered by 
technological restrictions, such as low battery power and 
limited driving range. Not only do Extended-Range Electric 
Vehicles (EREVs) possess the qualities of low emissions, but 
they also can expand the mileage that cars can tolerate for an 
extended period. In traditional Hybrid Electric Vehicles 
(HEVs), the battery functions as an energy buffer [2]. Over the 
course of the journey, there is a little fluctuation in the State Of 
Charge (SOC) of the battery. EREVs, on the other hand, are 
plug-in HEVs equipped with a large battery that can store 
electric power provided by a charging station. During its 
charging cycle, the EREV leaves a charging station with its 
battery energy at its maximum capacity until it arrives at 
another charging station [3]. If the EREV completes its journey 
and reaches the next charging station with a low amount of 
battery charge, it will be able to store more clean energy from 
the grid, thus decreasing the quantity of gasoline used. In the 
past, two different control procedures have been used to 
accomplish the control objectives indicated above [4]: The 
Charging Deplete/Charging Sustain (CD/CS) approach and the 
mixed control technique. The first part of the former approach 
is referred to as the CD stage, and it is achieved by cars 
operating in a mode that is inside the All-Electric Range 
(AER). In addition to the AER, the extender is activated as the 
primary energy source in order to meet the typical power 
requirements of the Traction Motor (TM) [5]. When there is a 
higher demand for power, such as when there is a rapid 
acceleration or when there is an upslope, the battery works in 
conjunction with the extender to ensure that the SOC of the 
battery is maintained in a narrow range over the lower bound. 
This stage is referred to as the CS stage [6]. An EV’s only 
energy source is a battery. This can cause issues in case the 
latter is not joined with a regulator. During the EV design 
phase, the primary obstructions are: Inadequate charging 
framework, reliance on imported batteries, reliance on 
imported segments and parts, range anxiety, high EV cost, 
limited choices of superior EVs, inadequate power supply in 
some parts of India, lack of value support, and possible car 
industry slump. 

II. ENERGY STORAGE REQUIREMENTS 

The energy stockpiling mechanism of an EV should be 
lightweight, with high energy density, easy to control, must 
convey the initial current, and must have a long life cycle, 

transient security, and low activity cost. The distance an EV 
can travel is restricted by numerous elements. Authors in [3] 
deem SOC and the wellbeing of a lithium-ion battery cell 
significant quality measures for EVs. With regard to driving 
patterns, one of the factors negatively influencing a battery’s 
operation is the frequent beginning and halting due to traffic 
and street conditions. Therefore, a battery encounters pressure, 
bringing down its charging time and its lifespan. Outside 
temperature variances also affect the battery's performance [4]. 
To guarantee a legitimate energy stockpiling framework plan, 
misfortunes and working conditions should be considered. 
Additionally, an auxiliary fuel source should be utilized [5]. 

III. DRIVING PATTERNS 

Lithium-ion battery efficiency is affected by driving 
patterns, which may alter the battery usage. Battery current 
fluctuates with driving standards. The main driving patterns 
are: city traffic (light and heavy), suburban, state highway, 
national highway, express highway, local/country loads, small 
towns, hilly/high range areas (Figure 1). The actual habits of a 
driver may diminish the battery's performance or life 
expectancy [6, 7].  

Energy stockpiling is fundamental for EVs on the grounds 
of energy density and weight. Energy density is mostly subject 
to the vehicle's design, construction, and mileage. Authors in 
[8] offer an energy stockpiling methodology for EVs that is 
subject to driving examples. Authors in [9] investigated load 
difference and its importance for EVs. 

IV. RANGE ANXIETY 

Regarding the increment of the vehicle range, vehicle 
charging and an EV energy stockpiling framework are both 
required. To meet the vehicle's energy needs, an energy 
stockpiling framework that is fit to provide the required energy 
should be utilized. Diminishing release time is caused by 
expansions in battery strain. This suggests that in order to 
guarantee that optimum current is drawn from the battery, the 
current scheme should contain an approach to augment the 
current [10]. 

Reach anxiety is the concern drivers get when they are 
worried about the quantity of kilometers that their EV can 
cover before it is re-energized. The target of this paper is to 
reduce range anxiety utilizing improved battery controls. 
Authors in [12] examined the compromises of proficiency, 
energy utilization, and engine heat dispersal while creating and 
surveying a battery-EV power train. Controlling battery 
frameworks is essential. The effects of battery release control 
on vehicle range were researched in [13], with the aim of 
ensuring longer battery use times to upgrade the mileage per 
charge. 
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Fig. 1.  Driving patterns: (a) city, (b) suburban, (c) state highway, (d) 
national highway, (e) express highway, (f) local/country roads, (g) small town, 
(h) hilly areas. 

V. ELECTRIC VEHICLE RANGE EXTENSION 

A complex energy regulator may assist with range anxiety 
in EVs. A range expansion procedure for EVs is proposed in 
[14]. To keep the cycle working, a shrewd regulator should 
screen information and input boundaries. Authors in [15] 
fostered a mixture energy stockpiling framework that utilizes 
fuel to extend the range of EVs. With this technique, the 
capacity devices are: (a) a super capacitor, (b) a main battery, 
(c) a backup battery, and (d) a charging source (photovoltaic 
cell). In the design, modeling, and hardware implementation of 
a next generation EREV, street conditions and vehicle load are 
considered [16], while a smart regulator uses boundaries for the 
battery and directs energy flow. The settings of the regulator 
administer the activity of the energy stockpiling mechanisms. 
The vehicle is halted when the speed is zero or when the 
supercapacitor is activated to move it. When the vehicle gets 
going, the capacitor that backs it off is deactivated and the main 
battery pack is turned on, whereas the secondary battery pack is 
charged through a sun-powered cell. If the main battery pack is 
depleted, the secondary battery will be turned on. By putting 
the battery on a sturdier establishment, the tension on the 
battery is limited. This has the effect of broadening the lifespan 
of the battery and improving its effectiveness. Authors in [17] 
examined the execution of a low-voltage-to-cell battery 
adjusting circuit. A productivity strategy for a DC-DC 
converter in a half breed energy stockpiling framework for EVs 
is presented in [18]. EV designers should be informed about a 
few issues, including the heaviness of the framework, the type 
of the EV, the need for energy stockpiling, driving patterns, 
and the scope of the vehicle. Each framework should uphold 
and be viable when combined with every other framework. The 
EV's amassing capacity, energy, framework plan, and boundary 
configuration should all be viable to assemble the vehicle. 
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VI. DESIGN OF THE RANGE EXTENDED ELECTRIC 
ENERGY STORAGE SYSTEM CONTROL ALGORITHM 

Since it includes several different energy sources, this 
hybrid energy storage system has less dependency on a single 
energy source, offering the former better overall performance 
[19]. An unscented Kalman filter-based battery SOC estimation 
and the peak power prediction approach for the power 
distribution of hybrid electric automobiles for on-road 
applications is proposed. Changes in needs, switching, and 
charging will be handled by the controller, as shown in Figure 
2. 

 

 
Fig. 2.  Connections of the functional parts. 

A. Functions of Each Part 

 Power sources (lithium-ion batteries and super capacitor). 
They form the energy storage system which powers the 
micro controller and the EV. 

 Intelligent controller: It controls and monitors all the 
parameters of the energy storage system and the EV in 
order to optimize the current from the battery/power source. 

 Power electronic current controller/converter: It limits the 
maximum current given to the motor. 

 The motor: It drives the vehicle. 

 Battery management system: It records the parameters of 
the battery and the super capacitor. 

 Speed sensor/driving pattern recognizer: It gives feedback 
parameters to the controller. 

B. Block Diagram of the Proposed Controller 

Figure 3 displays the block diagram of the novel intelligent 
integrated hybrid energy storage system controller that includes 
a primary battery, an auxiliary battery, a super capacitor, solar 
charging, driving patterns, traffic circumstances, and vehicle 
load. The use of current, input, and feedback parameters to 
optimize current are the primary roles of the intelligent 
controller. Data derived from the evaluation process (speed, 
driving patterns, gradient angle, load current) are considered 
when controlling the main battery bank, the auxiliary battery, 
the super capacitor, and the solar panel. The controller 
regulates the current drawn by the electronic converter and sent 
to the motor. Lithium-ion batteries and super capacitor power 
the EV. Display operations, including the controller, are 
powered by an extra battery. A solar panel is utilized to charge 
the auxiliary battery and the super capacitor. Even if the 
primary battery is completely depleted, it will be possible to 
utilize control and display features. The super capacitor will 
provide power when movement is initiated or ascending or at 
surges, whilst the main battery would power the vehicle at 
constant speeds. An optimum driving pattern is exhibited on 
the HMI when the power/torque need is recognized from the 
driving pattern, extracted from the user control block 
established by the user. This research suggests a controller that 

will allow EVs to cover greater ranges. Authors in [20-23] 
describe how the acceleration and deceleration patterns of 
drivers affect the velocity control of EVs. Traffic and road 
conditions are given to the driver in order to be able to regulate 
the use of the accelerator and brake pedal [24-30]. 

C. Intelligent Algorithm based on the Fuzzy Logic Controller 

The algorithm controls the priority sets (super capacitor, 
main battery) and acts according to a priority hierarchy based 
on the availability of sources for charging the battery and 
powering the motor. The constraints are: driving patterns, 
driver behavior, road conditions, and traffic conditions. The 
control system functions are depicted in Tables I and II. 
Equation (1) is used to represent the amount of power used and 
(2) demonstrates the distance covered based on the driving 
pattern.  

If �(�) is the power requirement, then: 

( )f x ax b       (1) 

where x is the power requirement from the super capacitor, a is 
the driving pattern factor, and b is the positive power. 

The distance covered by the driving pattern is expressed by: 

�� = ��1 − ��1….    (2) 

where d is the distance, x is the sampling point, c represents the 
cluster, and j = 1,2,3. 

An integrated control algorithm for hybrid and electric cars 
called the Novel Hybrid Integrated Intelligent Control (HHIIC) 
was utilized to lower the strain on the battery and to optimize 
the current flow to prolong range. The Energy Storage System 
(ESS) showcases better performance due to the battery 
discharge time extension regulated by the intelligent controller. 

TABLE I.  RULE-BASED FUZZY LOGIC MEMBERSHIP 
FUNCTIONS 

Operating condition Switch condition Power allocation 

Driving: Battery and super 
capacitor 

���<������ 
and 

��������<����� 

��=a������+���� 
�=−� 

Driving: Battery 
���<������ 

and 
��������<����� 

 ��� =  ������ 
Puc=0 

Driving: Battery 
0≤Pdem≤Pmin 

0<������<��� 
 ��� =  ������ 

Puc=0 

Solar: Super capacitor 
������ < 0 

�������#<����� 
 ��� =  ������ 

Puc=0 

Braking: Neither 
Pdem<0& 

�������#<����� 
Pbat=0 
Puc=0 

TABLE II.  RULE-BASED FUZZY LOGIC MEMBERSHIP 
FUNCTION  

Input 

and 

output 

Actual 

domain 

Fuzzy 

domain 

Membership 

function 

Fuzzy 

subset 

levels 

Pdemand 0-90 [0 to 1] Gauss type/Bilateral Gauss 3 
Vtrend [-3 to 3] [-3 to 3] Rectangle 7 
Groad [-10 to 10] [-1 to 1] Rectangle 7 

auc_corr [-0.2 to 0.2] [-0.2 to 0.2] Gauss type/Bilateral Gauss 7 
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D. Performance Analysis of the Proposed Controller 

To consider the impact of varying conditions on EVs, tests 
were conducted with a novel hybrid crossover energy 
stockpiling control framework. Energy utilization allows EVs 

to cover longer distances [24-27]. The tests involved driving on 
various courses at different rates, with changing climate 
conditions, and speed patterns. The EV was running on super 
capacitor for movement initiation, and on the principle battery 
when moving with constant speed. 

Lithium ion 
main battery

S
S

Power electronic 
conveter

Motor
Electric 
vehicle

User control 
block

Super capacitor BMS Driving pattern 
recognition

Lithium ion 
auxiliary battery

Charge controller

Optimum power and 
torque display

Solar panel

Novel integrated intelligent hybrid 
energy storage system controller

 
Fig. 3.  Connections of the functional parts. 

 
Fig. 4.  Simulation hardware model of a generic EV. 

VII. RESULTS AND DISCUSSION 

The Matlab/Simulink tests on how progressing conditions 
change the mathematical limits and how those segments 
convert into setup features of the vehicle where conducted with 
the aid of an expanded vehicle model. The EV model's 
schematic outline is displayed in Figure 4. The vehicle's speed 
is constrained by the reenactment model that is related with the 
PC through an interface. Li-ion batteries and a super capacitor 
power the electric vehicle. Other devices, including the 
controller, are powered by a secondary battery. The points of 
interest of the EV model are indicated in Table III. When solar 
power is available, the secondary battery and the super 
capacitor are charged. Whether or not the main battery is 
completely depleted, utilizing control and showing features will 
be possible. Current spike occurrences are the occasions when 
the super capacitor controls the vehicle. The main battery 
controls the vehicle at constant speeds, while the solar charging 
device powers the super capacitor and the secondary battery. 

The optimal driving model is shown on the HMI and the 
driving model is setup by the customer. Cloud data or the 
customer control block choose the traffic and road conditions. 
Using a super capacitor makes it easier to use a lithium battery, 
making it possible to initiate and accelerate simultaneously. 
Tables IV-VII portray the range extension at various conditions 
and Figures 5-7 visualize the results. The Matlab code copies 
the distinctive driving conditions that occur during the driving 
example of an EV, helping to select how the energy utilization 
changes under various conditions [22]. 

Regulator calculations that can upgrade and control the 
energy flow will permit EVs to cover longer distances. It was 
observed that the proposed control approach may accomplish 
greater vehicle range expansion than the elective control 
techniques. Figure 5 delineates the rate extension of the release 
time for various driving patterns. Table V shows the release 
time expansion under various temperature conditions, as 
depicted in Figure 6. When the SOC drops, the temperature of 
the lithium-ion battery also drops. 
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TABLE III.  SPECIFICATIONS OF THE EV MODEL 

Quantity / Capacity Unit / Type 

Weight (vehicle) 830 kg 
Dimensions 3280×1514×1560 (Turning Radius=3.90) 

Tyre Size 
Front: R16 
Rear: R16 

Speed (max) 81 km/h 
Voltage 48 V 

Main battery capacity (Lithium – ion) 210 Ah 
Running time in km (battery) 120 (full charge) 

Super capacitor capacity 500 F / 1000 A / 5.55 Ah 
Auxiliary battery capacity 21 Ah 

Solar panel capacity 480 W / 48 V / 10 A 
Current controller 600 A (peak) 

Communication module Bluetooth 

TABLE IV.  DISCHARGE TIME EXTENSION IN PERCENTAGE FOR DIFFERENT DRIVING PATTERNS 

SO

C 

Driving Patterns Constant (dv/dt) 

T(oC) City Suburban 
State  

highway 

National 

highway 

Express 

highway 

High range/ 

hilly area 

Small 

town 

Average discharge 

time increase (%) 

 28 0.05 0.05 0.05 0.05 0.05 0.05 0.05 4.13 
5 28 0.1 0.1 0.1 0.1 0.1 0.1 0.1 4.13 
10 27.5 0.15 0.15 0.15 0.15 0.15 0.15 0.15 4.13 
15 27 0.2 0.2 0.2 0.2 0.2 0.2 0.2 4.13 
20 26.5 0.25 0.25 0.25 0.25 0.25 0.25 0.25 4.13 
25 26 0.3 0.3 0.3 0.3 0.3 0.3 0.3 4.13 
35 25.425 0.4 0.4 0.4 0.4 0.4 0.4 0.4 4.13 
40 25.4 0.45 0.45 0.45 0.45 0.45 0.45 0.45 4.13 
45 25.325 0.5 0.5 0.5 0.5 0.5 0.5 0.5 4.13 
50 25.3 0.55 0.55 0.55 0.55 0.55 0.55 0.55 4.13 
55 25.225 0.6 0.6 0.6 0.6 0.6 0.6 0.6 4.13 
60 25.2 0.65 0.65 0.65 0.65 0.65 0.65 0.65 4.13 
65 25.175 0.7 0.7 0.7 0.7 0.7 0.7 0.7 4.13 
70 25.15 0.75 0.75 0.75 0.75 0.75 0.75 0.75 4.13 
80 25.1 0.85 0.85 0.85 0.85 0.85 0.85 0.85 4.13 
75 25.075 0.9 0.9 0.9 0.9 0.9 0.9 0.9 4.13 
90 25.05 0.95 0.95 0.95 0.95 0.95 0.95 0.95 4.13 
95 25.025 1 1 1 1 1 1 1 4.13 
100 25 1.5 1.5 1.5 1.5 1 1.5 1.5 4.13 

TABLE V.  DISCHARGE TIME EXTENSION (%) FOR DIFFERENT BATTERY SOC VALUES 

Rules 
Main battery 

SOC (%) 

Super capacitor 

SOC (%) 
Temperature (oC) 

Battery discharge time 

with/without controller (hr) 

Range  

extension (%) 

VERY LOW 0 0 28 

1.48/1.54 4.13 

VERY LOW 5 5 28 
VERY LOW 10 10 27.5 
VERY LOW 15 15 27 
VERY LOW 20 20 26.5 

LOW 25 25 26 
LOW 30 30 25.5 
LOW 35 35 25.425 
LOW 40 40 25.4 
LOW 45 45 25.325 

MEDIUM 50 50 25.3 
MEDIUM 55 55 25.225 
MEDIUM 60 60 25.2 
MEDIUM 65 65 25.175 
MEDIUM 70 70 25.15 

HIGH 75 75 25.125 
HIGH 80 80 25.1 
HIGH 75 85 25.075 
HIGH 90 90 25.05 
HIGH 95 95 25.025 
HIGH 100 100 25 
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Figure 7 illustrates the acquired range extension for 
different driving patterns. The release period of the battery is 
affected by the measure of tension on the battery, which 
expands the measure of the smart regulator's impact on the 
battery and also expands the EV range. 

 

 
Fig. 5.  SOC vs range and range extension. 

 

Fig. 6.  Temperature variation graph. 

 

Fig. 7.  Range Extension vs driving pattern. 

TABLE VI.  MODEL RANGE EXTENSION  

Running time without 

controller (hr) 

Running time with 

controller (hr) 

Extension 

(%) 

1 1.03 3 

TABLE VII.  RANGE EXTENSION COMPARISON 

% Range extension in 

hardware model 

% Range extension in 

simulation model 

% Extension 

variation 

3 4.13 1.13 

VIII. CONCLUSIONS 

The proposed methodology generated satisfactory results 
when compared to the ones acquired by an electric vehicle 
without following it. Tables VI and VII illustrate the simulation 
and hardware model comparison of range expansions in the 
proposed controller for electric vehicles. In the simulation 
model, when the discharge duration was prolonged by 4.13%, 
the range extension was raised by 4.13%. However, in the 
hardware model, the range extension was increased by 3%. 
Future work will include the integration of intelligent 
controllers on road vehicles.  

REFERENCES 

[1] R. R. Kumar and K. Alok, "Adoption of electric vehicle: A literature 
review and prospects for sustainability," Journal of Cleaner Production, 
vol. 253, Apr. 2020, Art. no. 119911, https://doi.org/10.1016/j.jclepro. 
2019.119911. 

[2] M. E. Bendib and A. Mekias, "Solar Panel and Wireless Power 
Transmission System as a Smart Grid for Electric Vehicles," 
Engineering, Technology & Applied Science Research, vol. 10, no. 3, pp. 
5683–5688, Jun. 2020, https://doi.org/10.48084/etasr.3473. 

[3] F. Orecchini, A. Santiangeli, and F. Zuccari, "Hybrid-electric system 
truth test: Energy analysis of Toyota Prius IV in real urban drive 
conditions," Sustainable Energy Technologies and Assessments, vol. 37, 
Feb. 2020, Art. no. 100573, https://doi.org/10.1016/j.seta.2019.100573. 

[4] S. Rhode, S. Van Vaerenbergh, and M. Pfriem, "Power prediction for 
electric vehicles using online machine learning," Engineering 
Applications of Artificial Intelligence, vol. 87, Jan. 2020, Art. no. 
103278, https://doi.org/10.1016/j.engappai.2019.103278. 

[5] Y. Tian, H. Yang, W. Mo, S. Zhou, N. Zhang, and P. D. Walker, 
"Optimal coordinating gearshift control of a two-speed transmission for 
battery electric vehicles," Mechanical Systems and Signal Processing, 
vol. 136, Feb. 2020, Art. no. 106521, https://doi.org/10.1016/j.ymssp. 
2019.106521. 

[6] J. Zhu and I. Tasic, "Safety analysis of freeway on-ramp merging with 
the presence of autonomous vehicles," Accident Analysis & Prevention, 
vol. 152, Mar. 2021, Art. no. 105966, https://doi.org/10.1016/j.aap. 
2020.105966. 

[7] J. Zhao, T. Qu, and F. Xu, "A Deep Reinforcement Learning Approach 
for Autonomous Highway Driving," IFAC-PapersOnLine, vol. 53, no. 5, 
pp. 542–546, Jan. 2020, https://doi.org/10.1016/j.ifacol.2021.04.142. 

[8] C. Lu, J. Dong, A. Houchin, and C. Liu, "Incorporating the standstill 
distance and time headway distributions into freeway car-following 
models and an application to estimating freeway travel time reliability," 
Journal of Intelligent Transportation Systems, vol. 25, no. 1, pp. 21–40, 
Jan. 2021, https://doi.org/10.1080/15472450.2019.1683450. 

[9] Q. Wang, X. Yang, Z. Huang, and Y. Yuan, "Multi-Vehicle Trajectory 
Design During Cooperative Adaptive Cruise Control Platoon 
Formation," Transportation Research Record, vol. 2674, no. 4, pp. 30–
41, Apr. 2020, https://doi.org/10.1177/0361198120913290. 

[10] D.-Q. Nguyen, L. D. Hai, D. B. Minh, and V. D. Quoc, "Analysis of 
Electromagnetic Parameters of Hybrid Externally Excited Synchronous 
Motors for Electric Vehicle Applications," Engineering, Technology & 
Applied Science Research, vol. 13, no. 3, pp. 10670–10674, Jun. 2023, 
https://doi.org/10.48084/etasr.5824. 

[11] H. Cheng, Z. Shang, Y. Guo, C. Kang, W. Zeng "System Dynamics 
Analysis of Vehicle-Grid Interaction Process", Power Grid 
Technologies, vol. 45, pp. 4125–4133, 2021. 

[12] G. Yuan, W. Su "Research on Virtual Power Plants Participating in AGC 
Frequency Regulation Service Considering the Uncertainty of Electric 
Vehicles", Power Grid Technologies, vol. 44, pp. 2538–2548, 2020. 

[13] W. Shi, L. Lu, H. Gao, H. Li, Y. Liu, J. Liu "Economic Dispatch of 
Active Distribution Grids Considering Demand Response and 
Participation of Electric Vehicles" Automation of Electric Power 
Systems, vol. 44, pp. 41–51, 2020. 



Engineering, Technology & Applied Science Research Vol. 14, No. 2, 2024, 13408-13415 13415  
 

www.etasr.com Jayaraj et al.: A Hybrid Intelligent Controller for Extended-Range Electric Vehicles 

 

[14] Y. Yang et al., "Research on the energy management strategy of 
extended range electric vehicles based on a hybrid energy storage 
system," Energy Reports, vol. 8, pp. 6602–6623, Nov. 2022, 
https://doi.org/10.1016/j.egyr.2022.05.013. 

[15] N. T. Diep and N. K. Trung, "Transmitting Side Power Control for 
Dynamic Wireless Charging System of Electric Vehicles," Engineering, 
Technology & Applied Science Research, vol. 12, no. 4, pp. 9042–9047, 
Aug. 2022, https://doi.org/10.48084/etasr.4988. 

[16] C. Heilmann and G. Friedl, "Factors influencing the economic success of 
grid-to-vehicle and vehicle-to-grid applications—A review and meta-
analysis," Renewable and Sustainable Energy Reviews, vol. 145, Jul. 
2021, Art. no. 111115, https://doi.org/10.1016/j.rser.2021.111115. 

[17] M. Inci, M. M. Savrun, and O. Celik, "Integrating electric vehicles as 
virtual power plants: A comprehensive review on vehicle-to-grid (V2G) 
concepts, interface topologies, marketing and future prospects," Journal 
of Energy Storage, vol. 55, Nov. 2022, Art. no. 105579, https://doi.org/ 
10.1016/j.est.2022.105579. 

[18] B. Bibak and H. Tekiner-Mogulkoc, "A comprehensive analysis of 
Vehicle to Grid (V2G) systems and scholarly literature on the 
application of such systems," Renewable Energy Focus, vol. 36, pp. 1–
20, Mar. 2021, https://doi.org/10.1016/j.ref.2020.10.001. 

[19] S. R. Salkuti, "Energy Storage and Electric Vehicles: Technology, 
Operation, Challenges, and Cost-Benefit Analysis," International 
Journal of Advanced Computer Science and Applications, vol. 12, no. 4, 
pp. 40–45, 2021, https://doi.org/10.14569/IJACSA.2021.0120406. 

[20] Development Trend and Policy System of V2G Interaction. Energy 
Research Institute of National Development and Reform Commission. 
Natural Resources Defense Council: Beijing, China, 2021. 

[21] Y. Zhang, W. Han, C. Song, and S. Yang, "Joint planning and operation 
optimization of photovoltaic-storage- charging integrated station 
containing electric vehicles," Energy Storage Science and Technology, 
vol. 11, no. 5, pp. 1502–1511, May 2022, https://doi.org/ 
10.19799/j.cnki.2095-4239.2021.0481. 

[22] A. Khadhraoui, T. Selmi, and A. Cherif, "Energy Management of a 
Hybrid Electric Vehicle," Engineering, Technology & Applied Science 
Research, vol. 12, no. 4, pp. 8916–8921, Aug. 2022, https://doi.org/ 
10.48084/etasr.5058. 

[23] Y. Wei et al., "A Comprehensive Study of Degradation Characteristics 
and Mechanisms of Commercial Li(NiMnCo)O2 EV Batteries under 
Vehicle-To-Grid (V2G) Services," Batteries, vol. 8, no. 10, Oct. 2022, 
Art. no. 188, https://doi.org/10.3390/batteries8100188. 

[24] F. Ahmad, A. Iqbal, I. Ashraf, M. Marzband, and I. khan, "Optimal 
location of electric vehicle charging station and its impact on distribution 
network: A review," Energy Reports, vol. 8, pp. 2314–2333, Nov. 2022, 
https://doi.org/10.1016/j.egyr.2022.01.180. 

[25] L. M. Caro, G. Ramos, K. Rauma, D. F. C. Rodriguez, D. M. Martinez, 
and C. Rehtanz, "State of Charge Influence on the Harmonic Distortion 
From Electric Vehicle Charging," IEEE Transactions on Industry 
Applications, vol. 57, no. 3, pp. 2077–2088, Jun. 2021, https://doi.org/ 
10.1109/TIA.2021.3057350. 

[26] P. Pradhan, I. Ahmad, D. Habibi, G. Kothapalli, and M. A. S. Masoum, 
"Reducing the Impacts of Electric Vehicle Charging on Power 
Distribution Transformers," IEEE Access, vol. 8, pp. 210183–210193, 
2020, https://doi.org/10.1109/ACCESS.2020.3040056. 

[27] C. Garcia Veloso, K. Rauma, J. F. Orjuela, and C. Rehtanz, "Real-time 
agent-based control of plug-in electric vehicles for voltage and thermal 
management of LV networks: formulation and HIL validation," IET 
Generation, Transmission & Distribution, vol. 14, no. 11, pp. 2169–
2180, 2020, https://doi.org/10.1049/iet-gtd.2018.6547. 

[28] S. Farhani, E. M. Barhoumi, and F. Bacha, "Design and hardware 
investigation of a new configuration of an isolated DC-DC converter for 
fuel cell vehicle," Ain Shams Engineering Journal, vol. 12, no. 1, pp. 
591–598, Mar. 2021, https://doi.org/10.1016/j.asej.2020.07.014. 

[29] F. Slah, A. Mansour, A. Abdelkarim, and F. Bacha, "Analysis and 
Design of an LC Parallel-Resonant DC–DC Converter for a Fuel Cell 
Used in an Electrical Vehicle," Journal of Circuits, Systems and 
Computers, vol. 27, no. 08, Jul. 2018, Art. no. 1850119, https://doi.org/ 
10.1142/S0218126618501190. 

[30] S. Farhani, A. N’Diaye, A. Djerdir, and F. Bacha, "Design and practical 
study of three phase interleaved boost converter for fuel cell electric 
vehicle," Journal of Power Sources, vol. 479, Dec. 2020, Art. no. 
228815, https://doi.org/10.1016/j.jpowsour.2020.228815. 

 


